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Social Media and Psychological 
Well-Being

Jeffrey T. Hancock, Sunny Xun Liu, Mufan Luo,  
and Hannah Mieczkowski

Is social media good or bad for us? Our research group at the Stanford 
Social Media Lab has been fielding this question for years from a wide 

variety of perspectives: parents concerned about their children’s use of 
social media, policy makers worried about the effects on society, startups 
excited to spark creativity or new connections, tech companies trying to 
ensure that their products have a positive impact. The question of how 
social media is related to well-being has inspired a massive quantity of 
research by scholars around the globe, with hundreds of studies exam-
ining this question since the first paper on the topic came out in 2006. 
Despite this plethora of empirical evidence, the question remains hotly 
debated not only in popular discourse but also in the academic literature.

The 2020 American “docudrama” The Social Dilemma provides a 
salient case for one side of that debate, namely, that social media is harm-
ful for people. It describes how using social media is addicting, narcissistic, 
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and superficial, undermining to our relationships, our cognitive powers,  
and ultimately increasing our anxiety, loneliness, and depression. It’s 
slickly produced, with powerful metaphors equating social media with 
other addictive and harmful substances. The portrayal of several fictional 
stories showing how social media can harm people, complete with dark 
and gripping music and excellent acting, captures the concerns that many 
hold about how social media is dangerous and harmful. Indeed, the  
movie’s popularity reflects the widespread concern that parents, teens, 
educators, and policy makers all have about how social media is affecting 
our well-being.

The movie leaves many important questions unanswered and high-
lights many of the difficult conceptual and methodological issues that 
emerge when asking if social media is good or bad for well-being. We 
need a better scientific understanding of these questions. For example, 
what does it mean to “use” social media? The movie unfortunately fails 
to distinguish between different usages of social media, and this is an 
important—but often overlooked—component of the methodological 
challenges researchers face when trying to answer the question. The 
Social Dilemma implicitly assumes that time spent is what matters, with 
more use leading to more detrimental effects. But there are myriad ways 
to engage with social media, and an hour spent doing one thing, like 
creating a TikTok video with close friends, can be radically different 
from an hour spent doing something else, like stalking an ex-spouse. 
Similarly, what do we mean by the question “Is social media is good or 
bad for us?” Typically, this refers to our well-being, which can be about 
physical, mental, or emotional health and/or social and cognitive func-
tion. Without careful conceptualization of well-being, it is difficult if not 
impossible to make any claims about how social media affects us. Here 
we focus on psychological well-being and consider both negative indica-
tors, including depression, anxiety, and loneliness, and positive indica-
tors, including eudaimonic (life-satisfaction), hedonic (emotional), and 
social well-being.

Another open question is the nature of the relationship between social 
media and well-being. The Social Dilemma movie assumes that social 
media has a causal effect on well-being. Indeed, the movie portrays an 
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extreme version of technological determinism, which assumes that tech-
nology has direct and causal effects on human life. In this view, humans 
have no agency; instead, technology operates on people. Indeed, one of 
the metaphors from the movie is that people are like drugged patients 
lying on a surgery bed while social media companies operate on us. This 
kind of technological determinism is a common ingredient in moral panics  
that typically arise with new technologies. Orben (2020) documented 
this form of technological determinism in moral panics regarding radio, 
comic books, television, and video games. We need to pay careful atten-
tion to the kinds of claims that research can make about the direction or 
causal nature of the relationship between social media and well-being.

Finally, and perhaps most shockingly, given how much research 
has been conducted on social media and well-being, most debates take 
place without reference to the vast amount of evidence that has already 
been collected. News stories tend to focus on a single study, or worse, not 
include any grounding in science. The Social Dilemma, for example, pres-
ents almost no scientific evidence. Although the movie includes scientists, 
there is very little reference to scientific studies, and there is no reference 
to any research that actually connects social media and well-being.

So, what does science tell us? What is the accumulated evidence from 
the past decade of social science research into the harms and benefits of 
social media for well-being? In this chapter, we describe our research 
group’s efforts to tackle the question of social media use and its relation-
ships to psychological well-being. For the past several years, we have 
reviewed this entire literature from 2006 to 2018 as part of a large meta-
analysis (Hancock et al., 2019). Here, we go over some of the key findings 
from this analysis, along with other insights we gleaned.

The chapter is organized first around this meta-analysis (Hancock 
et al., 2019) and the empirical findings for key questions concerning social 
media use and well-being. The second part of the chapter reviews the many 
conceptual mechanisms that authors have proposed for how social media 
and well-being may be linked. In the third part, we highlight some of the 
key methodological issues that became clear in our review. For example, 
over 75% of all the studies we examined were correlational, cross-sectional 
studies. In this section, we highlight some of the changes that are required 
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for our field to improve our understanding of social media and well-being. 
In the last section of the chapter, we describe how the field can move for-
ward focusing on some new methods that we believe will advance the 
field as well as some new conceptualizations that could be important in 
rethinking the relationship between social media and well-being, along 
with more nuanced analyses of different populations.

META-ANALYSIS OVERVIEW

We set out to conduct the most comprehensive meta-analysis to date on 
social media use and well-being. While other reviews have focused on 
specific time periods or on specific forms of well-being (Cheng et al., 2019; 
Domahidi, 2018; D. Liu et al., 2016; Twenge, 2020; Verduyn et al., 2017), 
we were interested in studying the relationship from the onset of social 
media research and in considering both positive and negative forms of 
well-being. Our analysis included all empirical studies examining the 
relationship between social media use and six types of psychological well-
being (depression, anxiety, loneliness, eudaimonic, hedonic, and social) 
from 2006 to 2018. After reviewing 5,214 articles from the four largest 
databases in psychology, communication, and human–computer interac-
tion, we applied a careful inclusion and exclusion review, which resulted 
in a final sample of 226 peer-reviewed papers. Across all the papers, there 
were a total of N = 275,728 participants and a total of 1,279 effect sizes 
calculated. Next, we lay out some of the key questions we were able to ask 
of this large field of evidence.

Is There an Overall Effect of Social Media Use on Well-Being?

Returning to the main question we posed at the beginning of this chapter— 
“Is social media use good or bad?”—we first examined the overall effect 
size of the relationship between social media and well-being. To look 
at this, we combined the negative and positive forms of well-being into 
one index. By doing aggregation, we could focus on the relationship 
regardless of the specific form of well-being measured and include all of 
the studies from the meta-analysis (i.e., all 1,279 effects). For example, 
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high scores on depression would now be equal to low well-being, while 
low scores on life-satisfaction would also equal low well-being. Follow-
ing this approach, we found that the weighted mean effect size across 
all studies was r = 0.01 [−.02, .04]. This effect is not only very small, but 
it is also a very precise estimate around zero, with the 95% confidence 
interval indicating that the relationship between social media use and 
well-being was a correlation somewhere between r = −.02 and r = .04 and 
therefore nonsignificant. Thus, when we look across all the studies con-
ducted between 2006 through 2018, including all six types of well-being, 
social media use is not significantly associated with well-being—it is 
neither good nor bad.

This finding is consistent with those of several other recent studies 
that have suggested that any general relationship between social media 
and well-being is small at best (Heffer et al., 2019; Orben & Przybylski, 
2019; Schemer et al., 2020). Orben and Przybylski (2019) found that only 
0.4% of the variance of well-being can be accounted for by digital technol-
ogy use, while Schemer et al. (2020) found that social media use’s connec-
tions with depression (b = 0.003) and life satisfaction (b = −0.0004) are 
close to 0 after controlling for other variables.

Has the Effect of Social Media Use on Well-Being  
Changed Over Time?

Although we did not observe an overall effect of social media use on well-
being, it is possible that looking at this relationship over such a long period 
is masking effects that change over time. One concern that has been raised 
recently is that social media may have become more harmful after 2012. 
While there is no documented causal link between social media and well-
being at this time, some authors have noted that mental health for adoles-
cents declined in 2012 and that social media use began to be taken up on 
mobile phones around this time (Twenge, 2020).

In the top half of Figure 6.1, we show the overall mean effect size by year. 
In this figure, higher scores represent more positive associations between 
social media use and well-being. In 2012, there is indeed a decrease from 
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the previous year, although this decrease is driven in part by a paucity of 
studies in 2011 and 2013 for some forms of well-being (e.g., there was 
only one study on anxiety in each of 2011 and 2013). Statistically, there is a 
significant decrease in the effect size over the 12 years. The measured effect 
sizes between social media use and overall well-being have become more 
negative over time, although the change represents a very small effect size, 
going from roughly r = .05 in 2006 at the start of research on social media 
and well-being to r = −.01 in 2018.
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Figure 6.1

Mean effect size for the association between social media use and well-being over time.
The black line in the top panel denotes the average effect size aggregating by positive 
and negative outcomes. The lines in the bottom panel denote the effect sizes for positive 
(i.e., eudaimonic, hedonic, and social) and negative indicators (i.e., anxiety, depression, 
loneliness) of well-being. Error bars denote standard errors.
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How Is Social Media Use Related to Different  
Kinds of Well-Being?

One unique aspect of our meta-analysis (Hancock et al., 2019) is that 
in addition to looking at well-being generally, we could drill down into 
how social media is related to specific forms of well-being. This allowed 
us to see, for example, whether the null effect we observed with overall 
well-being was replicated in each specific type of well-being or whether 
there were patterns of effects across the positive and negative forms of 
well-being that led to an averaging out. When we looked at the negative 
indicators of well-being, we found that social media use had small but 
significant associations with anxiety (r = .13) and depression (r = 0.12) but 
not loneliness. On the positive side, we found a larger though still small 
association with social well-being (r = .20) but not with eudaimonic or 
hedonic well-being.

This pattern of results suggests that social media can affect well-being 
both positively and negatively at the same time. It also revealed that our 
null effect for overall well-being was, in part, driven by the averaging out of 
small effects for both negative and positive indicators. These findings suggest  
that there might be a potential trade-off of social media use between elevated 
depression and anxiety along with improved social well-being.

Is Active Use Better Than Passive Use?

Prior research has suggested that active (e.g., sending a message, upload-
ing a picture) versus passive use (e.g., reading tweets or looking at Insta-
gram pictures), defined as the extent to which direct information exchange 
with others is involved, can generate different effects on well-being. This 
work shows that while passive use undermines people’s well-being, active 
use can have positive effects (Burke & Kraut, 2016; Verduyn et al., 2017). 
We compared the relationships between passive and active use with well-
being and found no significant difference. We then calculated the effect 
sizes of active and passive social media use and their associations with 
each well-being type. The findings suggested that active social media use 
was positively associated with overall well-being, depression, eudaimonic, 
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and social well-being. In contrast, passive social media use was associated 
only with depression. Therefore, although active use correlated with more 
positive well-being outcomes, it was also linked with increased depres-
sion. Overall, the pattern provides only partial support for the proposition 
that active use is more positive for well-being than passive use.

Does How We Measure Social Media Use Matter?

When coding the different studies included in our meta-analyses (Han-
cock et al., 2019), we noticed that the vast majority relied on self-reported 
social media use, asking participants how much they use social media 
rather than observing or measuring behavior directly. As a result, we also 
noticed the different ways in which social media use is framed in these 
measures. One important framing was whether social media use was 
addictive or not. We separated studies that focused on addictive social 
media use and used scales that measured social media addiction from 
studies that used more neutral framing of use. When we compared these 
two types of studies, we found that studies that used addiction-related 
scales produced significantly different relationships from those that did 
not frame social media use as addictive. Addictive social media use was 
negatively associated with overall well-being, while neutral social media 
use was positively associated. This pattern of results might be explained 
in two ways. First, it is possible that people who experience high levels of 
addictive social media use indeed experience lower levels of well-being. 
However, it is also possible that the framing of social media as potentially 
addictive influenced participants to view their experience with social 
media more negatively. We explore this possibility in deeper detail in the 
section on methodological issues.

Do the Effects Change Across Populations?

A major challenge for the field is that studies often differ in the types of 
populations they use. These populations, in turn, might be highly hetero-
geneous in their social media use as well as the goals and needs they try 
to accomplish or satisfy with it. A teenager using social media to develop 

Co
py

rig
ht

 A
m

er
ic

an
 P

sy
ch

ol
og

ic
al

 A
ss

oc
ia

tio
n.

 N
ot

 fo
r 

fu
rt

he
r 

di
st

rib
ut

io
n.



social Media and Psychological Well-Being

203

their identity and friend network is at a very different stage of their 
developmental trajectory than a grandparent whose identity is well-
established and who uses social media to maintain old friendships and 
family ties. Unfortunately, over half (54%) of the studies we reviewed 
focused on college students, likely due to their convenience as a sample, 
but make inferences about the general population. Student populations 
are important to study because social media use is often higher among 
younger people. However, it is important to acknowledge that this popu-
lation is likely different in many aspects from other sociodemographic 
groups and to be cautious about prematurely generalizing from one 
population to another.

When we analyzed the effects for specific age populations, we found 
no statistical differences for any of the participant population types for 
overall well-being. When we focused on each individual well-being type, 
we found social media use among college students was associated with 
higher social well-being, suggesting that for that age group social media 
use is positive for social connectedness and building social capital. For 
studies focusing on adolescents, social media use was significantly asso-
ciated with both higher depression and higher social well-being, again 
suggesting a trade-off for social media use for young people and their use 
of social media. Notably, these effects are small (r = .13 for depression,  
r = .16 for social well-being) but consistent with a recent high-quality 
study of adolescents that found little evidence for longitudinal effects of 
social media and mental health (Jensen et al., 2019).

Another population dimension that we considered was geographical, 
given that culture and region may be important moderators for well-being 
effects. We compared studies conducted in North America versus Asia 
versus Europe. Interestingly, the effects were strikingly different across the 
three regions. Studies conducted in Asia produced overall positive associ-
ations between social media use and well-being, while studies conducted 
in Europe produced negative associations. Studies from North America 
were in the middle, though statistically more positive than zero. These 
data are important, as they suggest that there are notable cultural differ-
ences in how social media and well-being are related. If, for example, there 
is some core psychological effect, then we should not see large differences 
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across these populations. Instead, these results suggest several intriguing 
possibilities. It could be that different societies are using social media to 
different effect, or that different societies have varying assumptions about 
social media, perceptions about privacy, and norms relating to networking.  
These culturally specific assumptions, perceptions, and norms influence 
users’ expectations. More research is needed here to unpack these cultural 
differences.

What Do Cross-Sectional Versus Longitudinal  
Versus Experimental Studies Tell Us?

In our final sample of articles, a majority of studies were cross-sectional 
in nature: 75% of all articles were cross-sectional studies, 23% were  
longitudinal, and 2% were experimental. We found that the methodology 
did not significantly moderate the observed correlations between social 
media use and overall well-being. However, when breaking the analysis 
down by individual well-being indicators, we found that cross-sectional 
studies produced positive associations with anxiety, depression, and social 
well-being. In contrast, longitudinal studies of social media use produced 
correlations with only depression and social well-being. There were too 
few experimental studies to meta-analyze except for eudaimonic and 
hedonic outcomes, and neither produced a significant association with 
social media use.

Is There a Causal Link, and if so, What Is the Direction?

The causality of the relationship between social media use and well-being 
remains speculative and has been debated in a number of contexts. For 
example, do lonely people use social media more, or does social media 
use make people lonely? We used longitudinal data in our meta-analysis 
and used cross-lagged effects to explore the direction of the effect between 
social media use and well-being. The finding suggested that positive psy-
chological well-being (eudaimonic well-being, hedonic well-being, and 
social well-being) leads to decreased social media use, not vice versa. For 
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psychological distress (loneliness, depression, and anxiety), neither direction 
was found to be significant, indicating no causal relationship between 
social media use and psychological distress.

 MAPPING THE CONCEPTUAL SPACE LINKING 
SOCIAL MEDIA USE AND WELL-BEING

It became clear during our review of the existing literature for our meta-
analyses (Hancock et al., 2019) that there is no coherent conceptualiza-
tion of the relationships between social media use and well-being and 
no explanation of the mechanisms driving these relationships. There was 
a striking range of explanations, assumptions, and propositions about 
how and why researchers believed that using social media would influ-
ence well-being or vice versa. Many studies never explicitly articulated 
the assumed conceptual mechanism linking social media with well-being, 
whereas others would identify a mechanism but fail to test or measure it.

In an attempt to make sense of the various theoretical connections pro-
posed in the literature and to provide a comprehensive framework for future 
research, we conducted a qualitative review of the articles. The result is what 
we believe is one of the first compilations of the various theoretical mecha-
nisms proposed by researchers that connect social media and well-being. 
In our qualitative analysis, we identified 10 conceptual mechanisms that 
were assumed, proposed, or tested by study authors in our meta-analysis  
database. Table 6.1 describes each of these constructs and provides an 
example. We mapped these 10 constructs into three higher level categories: 
social structure, psychological processes, and behavioral dynamics. While 
we acknowledge that this list is not conclusive, we do believe that it provides 
a useful framework for future research that explores the mechanisms under-
lying the relationships between social media use and well-being.

Social Structure

We identified two conceptual mechanisms that were based on participants’ 
social structure. Network metrics focused on individuals’ actual and perceived 
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network size, as well as the expected amount of feedback derived from the 
audience. These aspects can play important roles in how people engage on 
social media and how they feel about themselves. For example, the number  
of received Likes on one’s profile pictures can have a positive impact on 
self-esteem (Burrow & Rainone, 2017). Other research revealed that a 
higher proportion of actual friends in one’s network was associated with 
lower levels of loneliness (Chang et al., 2015). In contrast, some studies  
found that a larger network size can exacerbate distress and negative 
online experience when online friends fail to provide tangible social sup-
port (Best et al., 2015).

We defined social support as various types of assistance, both tan-
gible and intangible (e.g., informational, emotional, belonging), offered 
by a social network (Cohen & Hoberman, 1983; Uchino, 2004). Feeling 
a sense of greater social support has been shown to benefit psychologi-
cal well-being. Research showed that lower perceptions of friends’ support  

Table 6.1
Conceptual Mechanisms Linking Social Media Use  

and Well-Being
Conceptual mechanisms Description

Social structure

Network size # of online friends, # of likes received, perceived network size, etc.

Social support/Social 
capital

perceptions of tangible and intangible assistance from one’s 
social network

Psychological processes

Social comparison evaluating oneself through comparison with others

Connectedness perceptions of feeling socially connected with others

Fear of missing out apprehension that others are having experiences without one

Overload perceptions of too many social demands

Social compensation use of social media to compensate for challenges encountered 
offline

Behavioral dynamics

Displacement/ 
enhancement

social media use displaces or reinforces meaningful interpersonal 
communication and social activities
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negatively affect people’s depressed mood (Frison & Eggermont, 2015), 
whereas more active use is positively associated with people’s perceived 
social support, which leads to reduced loneliness (Seo et  al., 2016). 
Research has shown that social media use is positively associated with 
both bridging and bonding social capital, which can lead to higher self-
esteem (Brooks et al., 2014; Choi & Kim, 2016).

Psychological Processes

As for psychological processes, feelings of connectedness refer to the extent 
to which individuals feel related to one another in their lives and behavior, 
which serves an intrinsic need important for well-being (Deci & Ryan, 
1985). In contrast, social exclusion and isolation have negative effects 
on psychological well-being. Research has shown that general Facebook 
use can facilitate connectedness and reduce social isolation (Ahn & Shin, 
2013), which in turn can decrease loneliness (Deters & Mehl, 2013), depres-
sion, and anxiety, as well as promote life satisfaction (Grieve et al., 2013). For 
the same reason, a lack of social network site use can intensify distress due to 
increased social exclusion (Chiou et al., 2015). As for specific social media 
use, research suggests that active participation such as chatting and com-
menting can increase connectedness, thereby promoting positive emotional 
states (Neubaum & Kramer, 2015).

Social comparison is a prominent and automatic form of self-evaluation 
(Bandura & Jourden, 1991; Wood, 1989). Festinger (1954) argued that 
social comparison occurs when there is no objective information on 
which an individual can base their evaluations. Performing a “downward 
comparison,” or mentally degrading another in some manner, is typically 
associated with an increase in well-being (Wills, 1991). That is, when 
someone feels that they are in a better position than others, they tend to 
feel better about themselves and may also experience a self-esteem boost 
(Morse & Gergen, 1970). When someone feels they are worse off than oth-
ers, a decrease in both well-being and self-esteem is common (Wheeler 
& Miyake, 1992). Evidence to date supports upward comparisons trig-
gered by social media use. For example, more Facebook use corresponds 
to lower self-esteem and life satisfaction and higher depression because 
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people often perceive themselves as worse off than others (Steers et al., 
2014; Vogel et al., 2014). Other mechanisms include the fear of missing 
out (FOMO)—a persuasive apprehension that other people in one’s social 
network may have more rewarding experiences that one is absent from 
(Przybylski et al., 2013). Research showed that FOMO may mediate how 
social media is associated with lower self-esteem and higher online vul-
nerability (Buglass et al., 2017). Authors suggest that individuals with a 
deep fear of missing out tend to engage in more online self-presentation to 
compensate for their lack of control over personal lives. Self-disclosure or 
self-presentation on social media, however, may increase one’s exposure 
to harmful content and harassment and one’s overall vulnerability to toxic 
discourse online (Buglass et al., 2017).

Last, while much work in our meta-analysis examined the direction 
from use to well-being, a few studies focused on the other direction: inves-
tigating how one’s well-being status shapes social media use. The category 
of motivation involves the desire, preference, or need that provides the 
rationale for why individuals varying in well-being status or character-
istics engage in social media use. Prime examples of motivation include 
social compensation and comparison. Social compensation refers to the 
motive of using social media to compensate for inadequate offline social 
experiences (J.-E. R. Lee et al., 2012). Articles in our database suggest that 
lonely people are motivated to compensate for their poor offline network 
by engaging in more online self-disclosure on social media (Hood et al., 
2018). Adolescents feeling left out by friends reported a higher motive to 
compensate for social skills through Facebook (Teppers et al., 2014).

While social comparison serves as a psychological mechanism, as dis-
cussed earlier, this tendency to compare oneself with others having a better  
life can be a consequence of one’s well-being status. Using two-wave 
longitudinal data, Frison and Eggermont (2016) found that people with 
lower life satisfaction tend to engage in negative comparison on Facebook, 
whereas negative comparison on Facebook also reduced life satisfaction 
later. The authors argued that the finding aligns with the selective exposure 
theory that people dissatisfied with life offline tend to use social media in 
a similar way: They are motivated to gain information about others to 
understand themselves and the social world.
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Behavioral Dynamics

Finally, social media use can affect well-being through behavioral dynamics. 
Displacement/reinforcement is a set of theoretical perspectives that predict 
social media use can either reduce or augment actual face-to-face commu-
nication (Kraut et al., 1998). Studies in our database generally supported 
the reinforcement perspective. For example, using two-wave longitudinal 
data with a 6-month interval, Dienlin et al. (2017) found a positive longi-
tudinal effect of social media use on face-to-face interaction and life satis-
faction. Rui et al. (2015), using survey data, showed a positive association 
between social information seeking on Facebook and offline activities.

METHODOLOGICAL ISSUES

When examining the methodological choices employed in the studies in 
our meta-analysis, we noticed a number of recurring challenges that limit 
the conclusions we can draw from existing work. The first is an over reliance 
on measures of time spent on social media as a measure of social media use 
compared with other potential measures of interest, such as the type of con-
nections one has in their network and the type of content one is exposed to. 
The second is a lack of adequately validated scales used to measure social 
media use, which are often adopted from other media use scales or have 
significant overlap with the dependent variables researchers are trying  
to measure. The third is the overwhelming prevalence of cross-sectional 
studies about social media use and well-being. Last is the insufficient atten-
tion paid to questionnaire design in most studies of social media, despite 
past work emphasizing the importance of survey methodology.

Overreliance on Time Spent as a Measure of Social Media Use

Scholars have been discussing challenges for the measurement of media 
exposure for several decades. Overreliance on measures that approximate 
social media use as time spent on the platform, such as the number of 
times checking a specific social media platform per day, or the duration 
of time spent on the platform, is not a new problem in media research. 
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For instance, the growing popularity of television in the 1950s prompted 
numerous studies on the effects of time spent viewing television on aggres-
sive behavior, sleep disturbances, and mental health (Feshbach & Singer, 
1971; Owens et al., 1999; Sirgy et al., 1998). Research on media effects of 
television, and even older media such as radio, focused on time spent as 
the predictor variable have had broad and long-lasting impacts on poli-
cies like program ratings (Hamilton, 1998/2000) and panicked attitudes 
toward new technologies (Orben, 2020; Wartella & Reeves, 1985). How-
ever, as aptly noted by Junco (2013), “drivers often estimate driving dis-
tances in miles and time to destination” but people using media “typically 
do not estimate frequency and intensity of use in time” (p. 630). In terms 
of research on digital technologies, Boase and Ling (2013) found that 40% 
of studies in communication journals about mobile phone use relied on 
self-report measures of time spent on the phone.

Among others, self-report measurements of media exposure of time 
spent suffer from only moderate reliability, low predictive power, and low 
criterion validity (Boase & Ling, 2013). Additionally, social desirability 
bias and perceptions of norms mean that “heavy” users of a medium are 
more likely to underestimate their usage, whereas “light” users tend to 
overestimate, so that a regression to the mean effect occurs (Scharkow, 
2016). Some researchers claim that participants may produce estimates of 
time spent up to 5 times more than their actual time spent (Junco, 2013). 
These effects may also be compounded by the reliance on single-item 
measures of social media use, such as “How much time did you spend on 
social media today?”

Lack of Validated Social Media Use Scales

To gain a more robust understanding of social media use and its con-
sequences, researchers have created dozens of different scales. How-
ever, these scales are often modified without validation, rely on very 
few items, and/or focus on the frequency or duration of social media 
behaviors (Jenkins-Guarnieri et al., 2013). Even measurements adapted 
from general smartphone use scales may not be enough to gain a better 
understanding of social media use because individuals often use a range 
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of devices to access social media content. Compounding this problem is 
that different devices may be associated with different types of response 
errors, such as tablet users underreporting their internet use (Araujo 
et al., 2017). Further, digital media use is well-integrated into daily life, 
meaning that the activities people engage in are likely to be viewed as 
more mundane, making attentiveness and accurate self-reports even 
more of a challenge (Vanden Abeele et al., 2013). Ellis (2019) argued that 
current scales examining digital media use lack validity because of their 
inability to predict “comparatively simple behaviors that appear to be 
stable within participants” (p. 61). Recent work also indicates that many 
of these scales, even those that are seemingly distinct, are measuring the 
same construct, and that there is substantial overlap with mental health 
scales (Davidson et al., 2020). Further, Scharkow (2019) claimed that 
these issues are aggravated if a researcher is interested in within-person 
effects because of the “moderate reliability and high stability” (p. 207) 
of responses, making it difficult to uncover behavioral nuances that may 
be driving outcomes.

Cross-Sectional Study Designs Dominate the Field

Since researchers often have limited resources to spend on any given 
study, they often face trade-offs when considering how to best allocate 
these resources. Cattell’s (1952) “data box” heuristic provides an overview 
of three crucial choices; few researchers can collect data about (a) many 
variables from (b) many people over (c) many time points. Until recently, 
most scholars of social media, and scholars of human behavior in general, 
have focused their resources on interindividual analyses—or the “variables” 
and “persons” dimensions of the data box (Molenaar & Campbell, 2009). 
Our meta-analysis indicated that over 75% of studies examining social 
media and well-being used cross-sectional methods. And even though 
longitudinal studies typically neglect variables for the sake of additional 
temporal information, they also tend to focus on interindividual analyses 
rather than intraindividual ones. Further, there has been a lack of experi-
mental studies in this research area as well, with only 2% of studies in our 
meta-analysis employing this method. All of these choices can be justified, 
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and all have various advantages and disadvantages, but they necessarily 
limit the types of questions a researcher can ask and the resulting claims 
they can make.

Insufficient Attention to Questionnaire Design

Another challenge researchers face is how participants will interpret the 
questions and response options within the survey. Table 6.2 summarizes 

Table 6.2
Summary of Methodological Issues Observed in the Literature

Methodological issue Examples Potential solutions

Overreliance on time 
spent as a proxy for 
social media use

28% of the effect sizes in our 
meta-analysis used numeri-
cal frequency or duration-
based measures of social 
media use.

Emphasize other aspects of use 
with more predictive power, 
like content and network 
connections, and beliefs 
about social media

Most subjective measures also 
asked about time spent  
(e.g., “a lot”).

Reliance on general single-
item measures

Lack of adequately 
robust social media 
use scales

Modifying other media use 
scales without appropriate 
validation

Focus on aspects and/or  
affordances exclusive to 
social media

Overlap with mental health 
scales

Gather log data for validation 
when possible

Cross-sectional study 
designs dominate 
the field

75% of studies in our meta-
analysis used cross-sectional 
study designs.

Integrate longitudinal and 
experimental study designs 
into research plan to  
better understand causality 
and directionality of  
relationships

Insufficient attention to 
questionnaire design

Lack of adherence to best  
practices for question  
wording and question order

Ask more specific questions 
(e.g., about different devices)

Critically consider the impact 
of effects such as priming 
that may bias results
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methodological issues in previous research. There has been a great deal 
of work from scholars in the field of psychometrics or survey design dis-
cussing the advantages and disadvantages of drafting questionnaires in 
different ways (e.g., Tourangeau et al., 2000), but best practices are not 
commonly employed in social media studies or in media studies in gen-
eral. Junco (2013) contended that a prevalent issue in social media use 
measurement is the lack of specificity in question wording, which could 
impact the recall and estimation portions of the response process. Scholars 
of both traditional and digital media have also emphasized the distinction 
between passive and active use (Verduyn et al., 2015). Recent work has 
attempted to parse these distinctions through studying battery usage and 
screen time separately using log data (Hodes & Thomas, 2021), but this 
may not be theoretically sufficient, as people may be passive “lurkers” yet 
deeply engaged in the content they’re viewing. Likewise, people may seem 
like active “clickers” but in reality are indiscriminately engaging with all 
content (Ellison et al., 2020).

In addition to biases in question wording, biases might also arise from 
the order in which questions are presented. A common issue in survey 
design is priming, which refers to the implicit memory effects of exposure 
to prior stimuli on responses to later stimuli (Cesario, 2014). In a survey, this 
might mean that the order of questions on a survey influences responses 
(Tourangeau & Rasinski, 1988). Priming effects can alter responses to 
a wide variety of questions, including those about attitudes, behavior, 
demographic information, and well-being. For example, Fox and Kahneman 
(1992) noted that questions about one’s dating life affected responses to a 
later question about life satisfaction, but that answering a question about 
life satisfaction first did not impact responses to questions about dating 
life. Similar effects have also been found in studies about current mood 
and more general subjective well-being (Diener, 1994).

Recent research indicates that this phenomenon applies to the domain 
of social media use and well-being, as well (Mieczkowski et al., 2020). 
Over the course of two studies, the authors investigated the relationship 
between two common social media use scale types (addiction and inten-
sity) and self-reported depression. Results suggested that answering ques-
tions about social media use before questions about depression could alter 
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responses to a well-validated, stable depression scale (the Beck Depres-
sion Inventory; Beck et al., 1996). However, they did not find evidence 
for the reverse—participants who answered the depression scale first did 
not report significant differences in depression, social media addiction, 
social media intensity, self-reported social media use, or logged screen 
time. Based on prior work on well-being (e.g., Pavot & Diener, 1993), it 
is possible that these priming effects could affect responses beyond self-
reported depression, especially in the cases of more volatile well-being 
measures (e.g., state measurements of anxiety; Spielberger, 2010).

Although it is difficult statistically, financially, and cognitively to 
employ high-quality research methods when studying social media 
(Kobayashi & Boase, 2012), it is imperative that researchers make use of 
the resources they do have, so that academics and social media users alike 
have a better understanding of this technology. In the next section, we 
propose a number of methodological approaches, as well as potential con-
cepts and populations, that social media and well-being scholars would 
benefit from integrating into their research.

MOVING THE FIELD FORWARD

Our review makes it clear that there are major challenges facing researchers 
working on social media and well-being. However, we are optimistic that 
these challenges can be overcome as the field matures. In particular, we see 
a need for novel methods for measuring social media use that go beyond 
time spent or frequency self-report measures. It is always painful to read 
a carefully designed and executed study that meticulously assessed the 
well-being dependent variable (e.g., depression, life satisfaction) with a  
validated and reliable scale but then measured social media use with a self-
reported single item about social media (e.g., “On average, how much do 
you use social media per day?”). A crucial advance for the field will be the 
development and validation of new methods and measures around social 
media use. A second area that requires attention is the development of 
new frameworks and theories outlining how social media might be related 
to well-being. There are numerous studies that test the impact of passive 
versus active use or addictive versus nonaddictive use. However, this  
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narrow focus on a handful of mechanisms seems inadequate and under-
theorized when considering the broad variety of potential pathways 
through which social media use might influence our well-being. Next, 
we lay out some new methodological approaches and novel theoretical 
concepts that can help researchers in the field to rethink social media’s 
influence on our well-being.

A Need for New Methods

As the previous section makes clear, the field to date faces serious meth-
odological limitations. There is no question that measuring media use is 
difficult. The habitual nature of digital media and its integration into people’s  
daily lives means that participants in research often have a hard time 
answering questions about their use of social media (Ellis et al., 2019). We 
need to reconsider whether these common methods (e.g., cross-sectional, 
self-report studies) are appropriate for the research questions at hand. 
Slater (2004) argued that since media effects, by definition, happen over a 
period of time, it is necessary for researchers to conduct longitudinal and 
experimental studies.

A great example is the recent work by Allcott et al. (2020) that incorporated 
both longitudinal and field experimental strategies when they examined  
the impact of deactivating Facebook on subjective well-being over the 
course of several weeks. The authors were able to compare behavior and 
well-being across conditions and over time, providing a more compre-
hensive picture of the effects of social media on well-being. There are a  
number of ways that researchers can conduct studies longitudinally and/or  
experimentally. Simply asking questions via in situ experience sampling 
methods could reduce recall issues (Cohen & Lemish, 2003), even without 
the use of log-based measures.

For those interested in investigating social media use over time and 
with a high level of granularity, a framework like Screenomics (Reeves 
et  al., 2021) is promising. Screenomics is an application that collects 
screenshots of a participant’s device every 5 seconds. Studies using the 
Screenomics framework have demonstrated that individuals often engage 
in a wide variety of activities, even over the course of a relatively short time 
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scale (e.g., only a few minutes). An understudied aspect of social media 
use—the content someone views and interacts with on a platform—is 
easier to observe and quantify with this research design strategy. C.-j. Lee 
et al. (2008) noted that examining “exposure” through concepts like screen 
time “will be of limited use if the content of Internet exposure is poorly 
understood” (p. 19). Without understanding what people are looking at, it 
is difficult to make theoretical claims regarding the relationships between 
social media and well-being, or the mechanisms that underlie them.

To gain additional control over these variables, researchers could 
also consider simulating social media use with tools like Social Media 
TestDrive (DiFranzo et al., 2019). The tool creates a realistic experience on 
social media by providing an interface with common features such as 
a profile and news feed, as well as interactions (e.g., posts, comments) 
from others. Social Media TestDrive relies on preprogrammed bots 
to create the simulated experience and not real people, allowing the 
researchers to manipulate content in which they are interested in a con-
trolled way that can easily be replicated across participants. For example, 
a researcher could study the effects of positive or negative reactions to a 
post in real time, under conditions that were already specified and can 
be held constant.

A Need for Novel Theories

In addition to developing new methods for moving the field forward, 
we also believe that some new and exciting theoretical directions have 
the promise of advancing the field beyond the oversimplified question 
of whether social media use is good or bad for us. Here are some of the 
concepts that we think have the potential to reshape the field.

Toward a More Functional Approach

In recent years there has been a growing interest in various contexts where 
social media use is associated with well-being. An active research line is to 
understand how different types of use and content moderate the associa-
tion between use and well-being. Verduyn et al. (2015) provided a carefully 
and explicitly articulated analysis of use, which argues that passive use 
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triggers social comparison and negative well-being outcomes while active 
use enhances social capital and improves well-being. Examination of use 
to date also includes but is not limited to addictive versus non—addictive, 
public versus private (e.g., Frison & Eggermont, 2015), high versus low 
effort use (e.g., status update vs. one-click; Burke & Kraut, 2016), image 
based versus text based (Pittman & Reich, 2016), and ephemeral versus 
persistent (Bayer et al., 2016).

Given a wide range of features and affordances of social media, the 
conceptualization and operationalization of social media use continue  
to grow and become more complex. One of our central arguments after 
reviewing this field is that researchers need to take a more functional 
approach to understanding people’s use of social media that goes beyond 
time spent or frequency—a perspective of examining what people are 
trying to accomplish when they use social media, what goals and needs 
are being met, along with what kind of content they are engaging with 
and with whom. For example, self-presentation is a major social media use 
behavior and a core mechanism that links use to well-being, and authenticity 
is an important dimension of self-presentation. As shown in prior research, 
people felt more positive (or negative) after sharing positive (or negative) 
personal events (Choi & Toma, 2014). Authentic self-presentation is shown 
to correspond to better well-being outcomes, including higher self-esteem 
(Yang et al., 2017), life satisfaction, positive affect, and mood (Bailey et al., 
2020), whereas unauthentic self-presentation can make people feel less 
socially connected, less satisfied with life (Bailey et al., 2020), and more 
stressful (Grieve & Watkinson, 2016). Similarly, the psychological impli-
cations of social sharing may depend on the valence of the shared content, 
such that people felt more positive (or negative) after sharing positive (or 
negative) personal events (Choi & Toma, 2014). We need more of this 
kind of work that looks at how people use social media and connects that 
use theoretically to well-being outcomes.

Taking Individual Differences Seriously

Individual-level characteristics also play a significant role in the associa-
tion between social media use and well-being. A nice example is related 
to the classic debate, ongoing since the early days of social media research, 
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over who benefits the most from social media use. Specifically, the “rich 
get richer” hypothesis argues that socially rich people would acquire more 
social capital by using social media as an additional avenue to leverage 
existing social resources offline. “Poor get richer” argues that using social 
media may compensate for some people’s deficient offline social capital. 
Novel findings from a recent meta-analysis (Cheng et al., 2019) suggested 
that while both extroverts and socially anxious people tend to engage in a 
higher level of social media, only extroverts can reap the benefits of greater 
online social capital, bearing out the “rich-get-richer” hypothesis. Along 
with this rationale, personality traits can not only directly affect use but 
also moderate the use and well-being outcomes. Future research should 
continue examining how individual differences affect (a) how much and 
what types of social media to use, and (b) how such use affects well-being 
outcomes differently.

Rethinking Social Media and Addiction

One of the most common concerns in the popular discourse about social 
media is its potentially addictive nature. As the prevalence of social media 
use has increased worldwide, so have the claims associating it with addic-
tion. A great deal of research has focused on connections between social 
media addiction and a number of unfortunate outcomes, such as poor aca-
demic achievement, cognitive impairments, and mental health problems. 
According to a study by Statistics Netherlands (2018), an estimated 30% 
of social media users in that country suffer from social media addiction— 
a massive increase from the 3% global prevalence of substance use  
disorders (World Health Organization, 2010). If this claim is accurate 
and generalizable, then a problem of such magnitude certainly warrants  
the amount of scientific investigations being conducted, in addition to 
collaborations with government and healthcare officials alike.

Unfortunately, it is not clear whether social media addiction is as pro-
lific as some scholars argue. In fact, there might not be evidence to sug-
gest that social media addiction—defined using concepts from substance 
use and behavioral addictions—is even the underlying problem at all. 
Although the original article search for our meta-analysis showed that there 
were thousands of scholarly articles examining social media addiction,  
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many lack appropriate theoretical and methodological frameworks to dis-
cover whether or not an individual is suffering from social media addic-
tion, much less a robust relationship between social media addiction and 
any sort of negative outcomes.

If social media addiction is a disorder of the same type as substance use 
disorders and other behavioral addictions, then it may be symptomatic in 
similar ways. The symptoms typically do not appear all at once—instead, 
addiction is often considered a “process” during which an individual has 
distinct motives to pursue certain effects. Sometimes the individual loses 
and regains these motives, which is why the process is often thought of as 
cyclical. Addiction scholars have highlighted a number of well-accepted 
and common symptoms, including mood modification, salience, tolerance,  
withdrawal, negative consequences (“conflict”) and relapse (Griffiths, 2005). 
Furthermore, addiction is typically characterized by feelings of “loss of con-
trol” (Sussman & Sussman, 2011).

Unlike in clinical psychological work, there are numerous psycho-
metric assessments used to diagnose social media addiction, as well as its 
aliases (see Mieczkowski et al., 2020, for examples). However, in the same 
vein as other addiction scholars, social media researchers have focused 
their efforts on diagnosing social media addiction with most of the afore-
mentioned symptomatic criteria. One of the most common addiction 
scales is the Bergen Facebook Addiction scale (Andreassen et al., 2012). 
This scale focuses on salience (“How often during the last year . . . spent 
a lot of time thinking about Facebook or planned use of Facebook?”),  
tolerance (“. . . felt an urge to use Facebook more and more?”), mood  
modification (“. . . used Facebook in order to forget about personal prob-
lems?”), relapse (“. . . tried to cut down on the use of Facebook without 
success?”), withdrawal (“. . . become restless or troubled if you have been 
prohibited from using Facebook?”) and conflict (“. . . used Facebook so 
much that it has had a negative impact on your job/studies?”).

However, most studies on social media addiction have relied solely on 
cross-sectional, self-report measures of addiction, so the potential causal 
relationships between variables such as addictive symptoms and negative 
outcomes cannot be unearthed. Panova and Carbonell (2018) argued that 
there are six main concerns regarding the current body of research on 
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smartphone addiction, which could be applicable to social media as well: 
(a) “a lack of longitudinal studies” that would allow researchers to observe  
the cyclical nature of the addictive process; (b) invalid “screening instru-
ments” for diagnosis; (c) “a large probability of false positives”; (d) “arbitrarily 
designed” questionnaires; (e) an overreliance on “self-report data, which 
are collected using convenience samples”; and (f) major inconsistencies 
in “methodology, definitions, measurement, cut-off scores, and diagnos-
tic criteria across studies.” When considering these issues, it is not clear 
that social media addiction exists in the form that scholars are currently 
studying it. In order to shed light on social media addiction and remedy 
the theoretical and methodological problems within this area of research, 
we argue that scholars need to reconceptualize the current nature of social 
media addiction.

Perhaps one of the biggest challenges social media addiction researchers  
face is the current diagnostic criteria. Imagine that a participant responds 
to a social media addiction questionnaire and indicates that they used 
social media to lessen feelings of anxiety, attempted to use social media 
for fewer hours per day but failed, and felt distress when they could not 
use social media for long periods of time. With the current social media 
addiction diagnostic criteria, a researcher would likely assume this par-
ticipant is addicted to social media because they show symptoms of mood 
modification, loss of control, and withdrawal. Yet these behaviors might 
be indicative of other issues or even productive functioning in this par-
ticipant’s life. They may feel anxious due to their home environment and 
use social media to connect with friends. They may have received a recent 
promotion at work that requires them to spend more time on social media 
coordinating with colleagues. They may be waiting for an important mes-
sage from a relative that they don’t want to miss.

In 2018, only 55.3% of the adult population in the United States 
reported drinking in the past month, compared with upwards of 70% of 
adults who use social media (Perrin & Anderson, 2019; U.S. Department 
of Health and Human Services, 2019). Unlike alcohol or drug use, social 
media use is tightly integrated into many aspects of life for a majority of 
the population. Additionally, due to the private nature of social media use, 
it is difficult for people to make accurate assumptions about what activities 
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someone might be engaging in. Furthermore, in the United States, there are 
no legal restrictions on social media use.

As such, measuring social media addiction with the same self-reported 
diagnostic criteria as other addictions proves erroneous at best and com-
pletely misrepresentative at worst. Even the presumably “simple” mea-
surement of time spent on social media as a way to infer tolerance has 
numerous confounds (King et al., 2018). People suffering from addiction 
often experience “time distortion,” meaning that they could not provide 
accurate reports of time spent engaging in the addictive behavior even if 
they were motivated to (Hirschman, 1992; Lin et al., 2015). Even objective 
measures of time spent on social media are typically not as explanatory 
as frequency-based measurements, such as how often a user checks their 
notifications (H. Lee et al., 2014).

Measuring other common symptoms, such as mood modification, 
may be equally challenging, as social media use has been shown to affect 
mood both positively and negatively (Mark et al., 2014; Sagioglou & 
Greitemeyer, 2014). If both “addicted” and “nonaddicted” social media 
users report mood modification symptoms, the measurement has low 
discriminant validity, which provides little helpful information for the 
researcher. Additionally, symptoms of withdrawal in the form of an indi-
vidual feeling distressed when they cannot use social media may not be 
indicative of addiction considering the “functional dependence” most of 
the general public has to digital technology (Parent & Shapka, 2020, p. 183).  
Without social media, many people would have to “restructure[e] and 
adapt . . . regular activities” (Panova & Carbonell, 2018, p. 254), an inherently 
stressful process.

The role of social media in daily life is both qualitatively and quan-
titatively different from the role of alcohol, drugs, or other behavioral 
addictions. As such, new theoretical and methodological avenues are  
necessary to understand the components of social media addiction that 
do not pathologize everyday behaviors for billions of people.

Considering Mindsets

Quantifying the amount and the types of social media use has been the 
primary approach to explore the relationship between social media use 
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and well-being. Yet, our meta-analysis indicated that this approach has 
limitations and that the way people think about social media may matter  
(e.g., “it’s addictive”) more than how much they actually use it. We have 
therefore started to focus on social media mindsets, which refer to  
the beliefs, expectations, and feelings users have about social media use 
(A. Y. Lee et al., 2021).

Mindsets are mental frames that selectively organize and encode 
information, orienting an individual toward a unique way of understand-
ing an experience and guiding one’s actions and responses (Dweck, 2008). 
Mindsets provide mental shortcuts by shaping people’s attention, behavior, 
cognition, and expectations. Previous research has found that people with 
more adaptive mindsets about intelligence, stress, or even illness have better 
physiological and mental health than those with maladaptive mindsets 
(Claro et al., 2016; Crum et al., 2013; Yeager & Dweck, 2012).

Our recent work suggests that there are mindsets for social media,  
as well. In one preliminary study (A. Y. Lee et al., 2021), we found evidence 
for two types of mindsets about social media use. In one mindset, people 
have control of social media use, and they view it positively. People with 
this kind of “social media as tool” mindset believe that social media is 
beneficial for them and serves a useful, meaningful purpose in their lives. 
In the second mindset, people feel that social media controls them, and 
they have an unsurprisingly negative view of social media. People holding 
this kind of “social media as addicting” mindset believe that social media 
is harmful and addictive.

Our initial work suggests that these mindsets are powerful. In one 
study, we found that social media mindsets can mediate the relationship 
between well-being outcomes, social media use measures, and depression 
(Mieczkowski et al., 2020). In another study, people with a tool mindset 
have positive well-being outcomes regarding social support, depression, 
anxiety, and stress, while people with an addiction mindset have negative 
outcomes concerning these well-being dimensions (A. Y. Lee et al., 2021). 
These studies suggest that perception of use has the potential to be more 
influential than use itself (Boase & Ling, 2013). We argue here that mea-
suring mindsets around social media perceptions is an important area for 
future research.
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Mechanisms of Blame

After discovering that effect sizes between social media use and well-being 
tend to be very small, we started wondering why the public discourse is 
so heavily based on the suggestion that social media can be harmful. One 
potential explanation is that people may consider the impact of the social 
media use of other people on their own well-being. Put differently, a person’s 
social media use might diminish another person’s well-being because high 
levels of social media use may detract from their relationship or social 
interaction. Imagine, for example, being ignored by a friend while they 
check their phone. Indeed, one study found that a partner’s phone use 
was associated with increased depression in married couples (Wang et al., 
2017). This indirect association between a person’s social media use and 
another person’s well-being is caused by ostracism, defined as excluding 
and ignoring by individuals or groups (Williams, 2009).

Previous studies have focused on phubbing, the behavior of one 
person ignoring another person due to phone use. Individuals are shut 
out of social interaction while remaining in the physical presence of other 
people (Chotpitayasunondh & Douglas, 2018). This type of phone-related 
social ostracism is associated with a decreased social connection (Kushlev 
& Heintzelman, 2018), reduced sense of mattering (Kadylak, 2020) and 
sense of belonging (Hales et al., 2018), and increased distress and depres-
sion (Gonzales & Wu, 2016; Wang et al., 2020).

Social media use can induce ostracism, as well. People seem to infer 
social media use in a phubbing scenario. We conducted a study and asked 
participants what they thought the other person was doing when using the 
phone. We gave the five most popular uses of the phone as options and 
found that almost two thirds of participants believed that the other person 
was checking social media (Liu & Hancock, 2020). This automatic infer-
ence of phone use to social media use in a phubbing scenario can not only 
undermine people’s well-being if they are frequently being ostracized but 
also magnify people’s concerns and resentment of social media.

How people interpret social technology-related ostracism has impli-
cations for well-being. Attribution theory (Kelley & Michela, 1980) pro-
vides a valuable framework to explore how people perceive these types of 
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social ostracism and how they infer causes based on their self-interest and 
motivations. Classic attribution theory posits a person (self) versus situa-
tion (external) classification of causes. In general, people attribute positive 
outcomes to themselves while deflecting blame and attributing negative 
consequences to situations (Kelley & Michela, 1980).

There are multiple possible sources of external attributions for social 
technology-related ostracism, ranging from blaming the other person, to 
the context, to the technology. Other work examining attributions regard-
ing technology in social dynamics have applied three types of external 
attributions: dispositional attribution, situational attribution, and inter-
personal attribution. When people attribute actions to the partner’s per-
sonality and disposition, it is a dispositional attribution. When people 
believe that context and environmental factors impact the action, it is a 
situational attribution. When people think that the nature or characteris-
tics of the relationship affect the action, it is an interpersonal disposition 
(Jiang et al., 2011; Walther et al., 2016).

We developed and measured a new source of external attribution: the 
technology itself. We applied attribution theory and conducted five exper-
imental studies to examine how people perceive phone-related ostracism 
and the degree to which people blame the person doing the ostracizing in 
a phubbing scene or whether they blame the phone (S. X. Liu & Hancock, 
2020). We found that across various conditions, people overattribute to the 
phone, and phone attribution was a significant predictor of beliefs about 
the negative consequences of phone use, beliefs of the addictive framing of the 
phone, and support for strict phone use regulations. However, blaming the  
phone may reduce psychological harms to self-esteem and produce well-
being benefits. It hurts less to blame the phone than to blame the self, the 
partner, or the relationship between the self and the partner. Attribution 
theory provides a useful guide to explore the mechanisms linking social 
technology use, attributional dynamics, personal well-being, and societal 
consequences of social technology use.

Highlighting the Role of Culture and Different Populations

Although culture is likely to have an impact on the relationship between 
social media and well-being, few studies to date have examined this influ-
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ence directly. This is especially important given that social media plat-
forms are common across cultures and countries as tech companies such 
as Facebook have aggressively expanded their international markets.  
Although social media platforms and tools differ somewhat across cul-
tures, the main affordances and features of social media are similar.  
Our meta-analysis hints at important cultural differences in our findings  
across geographic locations. While geographic location is not isomorphic 
with culture, it can serve as a very rough proxy. Studies conducted in Asia 
reported an overall positive relationship between social media use and 
well-being, whereas studies conducted in Europe showed the opposite 
relationship. This pattern suggests that participants in Asia have a more 
positive experience and perspective regarding social media and well-
being than Europeans, who appear to have a much more negative experi-
ence and perspective.

More research into how different cultures experience social media and 
well-being is needed. People in different cultures domesticate social media 
platforms in culturally unique ways. Well-being also varies across culture. 
Psychologists have been debating cultural questions for decades, such as 
whether well-being is composed of the same or of different components 
across cultures. Previous research has accumulated abundant evidence 
that well-being differs across cultures regarding its causes, components, 
and effects (Diener et al., 2017). Besides the differences in how people use 
social media and how well-being varies across cultures, the mechanisms 
that link social media use and well-being may also be distinct across cul-
tures. For example, social capital gathered on social media can be very dif-
ferent in collectivistic cultures than in individualistic cultures. Delineating 
cultural similarities and cultural differences at both the individual and the 
cultural level is a key stride in social media and well-being research.

Finally, given how widespread the concerns are about social media, and 
how widespread its use is, another issue is the lack of diversity represented 
in addressing the question of social media and well-being. The points of 
view in The Social Dilemma, for example, are limited to mostly White, 
mostly young, former technology workers providing their insights about 
how and why social media technologies were developed. This perspec-
tive, while valuable for understanding the design of these systems, omits 
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many other perspectives, with very little representation of people of color, 
people from different socioeconomic classes, or people from different  
cultures. We need more research with more diversity of perspectives. For 
example, although seniors, usually defined as adults age 55 and above, 
are now one of the fastest growing and largest populations using social 
media, there were too few studies for us to examine the relationship in 
this particular population. How social media use affects well-being for 
older adults is hence a pressing and important avenue for future research.

CONCLUSION

In The Social Dilemma, all social media use is considered equal, and the 
more people use it, the more harmful it is. Our review of the science and 
the substantial field of evidence collected over more than a decade sug-
gests that the relationship between social media use and well-being is far 
less sinister and much more complicated. Rather than the simplistic “more 
is worse” heuristic, our review reveals that it matters how we use social 
media, that the effects are quite small, varied, and most likely not a simple 
causal effect. People have agency. They use social media to accomplish 
goals and fulfill needs.

One of our high-level conclusions after this massive undertaking is 
that psychology beats technology when it comes to understanding how 
social media use is related to well-being. Although media and technology 
researchers tend to emphasize the effects of technology, it is clear from 
our review that psychological dynamics matter more. What matters is 
how we use social media, in which context, and for which purposes. For 
example, using social media to connect with an old friend is very different  
from mindlessly scrolling through a social media feed. To accomplish a 
more nuanced perspective on the relationship between social media and 
well-being, we must move beyond simple self-report of time spent or 
frequency of using social media towards a more functional approach to 
social media use that takes into considerations a person’s goals, motiva-
tions, and needs. A second implication is that we need new concepts and 
theories that actually connect the specific use of social media to well-being 
outcomes. Assuming that social comparison or social compensation are 
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playing a role is no longer sufficient; instead, research needs to articulate 
these connections, measure them, and test them in order for the field to 
move forward.

Finally, we need to take seriously the populations we are studying. 
Different populations have radically different experiences on social media. 
When we move away from commonly used college student samples or 
WEIRD (White, educated, industrialized, rich, and democratic) popula-
tions, we see nuanced dynamics between social media use and well-being. 
Even within WEIRD populations, the well-being of teenagers versus 
seniors are radically different moving through their developmental tra-
jectory (Boyd, 2014; Hargittai & Dobransky, 2017). With different needs, 
goals, and motivations, the role of social media in a teenager’s well-being 
is likely to be very different from that of a retired person. Our field can 
gain fundamental theoretical and practical insights by paying attention 
to underrepresented populations, such as Black or Latino communities, 
rather than assuming White populations as the default (e.g., Bennett et al., 
2012; Brock, 2020; Patton et al., 2019). Although digital literacy and phone 
use vary significantly across populations, the wide adoption of smart-
phones across the globe provides an opportunity to study hard-to-reach 
groups that are underrepresented in traditional media studies. Our field 
needs to conduct research with these populations.

Finally, social media use is not a dosage, and interactions on social 
media are not medical procedures. The faster we depart from an oversim-
plified Social Dilemma style of social media addiction, the sooner we can 
discover interventions and inform public policies that can promote well-
being across diverse populations.
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